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ABSTRACT

With the continuous development of information technology infrastructure and analysis technology, data
analysis is applied to real-world tasks to increase work efficiency. In today’s volatile environment, the
application of immediate data analysis to real work is a major factor in improving the performance of
organizations or companies. However, due to the high entry barriers of data analysis technology, it is difficult
for non-experts with high work understanding to perform direct data analysis. Accordingly, it is to provide a
foundation for non-experts to perform classification modeling by implementing a service that combines data

analysis technology based on a visualization solution.
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Reference Python Library | Note

Data Processing

num
Py Reference

andas Data Processing
P Reference

datetime Time Reference

sklearn.preprocessing.Label | Categorical Data
Encoder Encoding Reference

sklearn.preprocessing.One | Categorical Data
HotEncoder Encoding Reference
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Data specification

1. Data specification: row count,
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4.1 4% dHloje MM

Aok Mul AgS 93 sklearn zio]BziE]e]
make_classification &=+% 7o |E] S AA] 2 &g
sk 7Pdle el B dre S1g AL S 31 3N
o] FFE A Faeet 15719 SRS A
slodek vlats 5 Sl ARk AR flsl B
Fell0] vl go] o 252 dlefgAlo® FAI¥Ir)
A A A L] B ulge] 53k, 7
A A-e 22 10%, 30%, 60% B2 AAsiicl a3
262 A3 dlolH 2 Y F5 dlofele} vl dlo]
44 vlE ARk

AR dlele= 15700 SR FAE R, o]F
Ne] SRS St Alake] olxE AR 8
A, 7 o] F 500718 B3lele] vl o= i
gl 28 sk

)
Lo

#SHO0H B HE HFSH Ol Ef2 Hl&

Target Count
3349
3326
3325

Target Count

Sl ok
St ol ok
w

Select target

variable 1. Settings of the target variable

Data discovery - Single variable

1. Boxplot
2. Histogram
3. Data table

Select continuous
variable

Select categorical| 1. Cross table
variable 2. Data table

Data discovery - Multiple variables

1. Box plot

2. Scatterplot
3. Cross table
4. Heat Map
5. Data table

Select X-axis,
Y-axis variables

Model learning-KNN / Model learning-Random forest

Input model

name
Select lysi
e;fch?;izsm 1. Train / Test Score
. 2. Confusion Matrix Table
variables

3. Classification Report Table

Select a leading 4. Trained Model

reference model
Learning
execution

O 26. A dlole] TS vl
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able 4. Summary of Experimental Results

Learning | Classification

s Ratio Accuracy| Precision| Recall | F1-Score

Random | balanced | 097 | 096 | 094 | 096
Forest | imbalanced | 097 | 097 | 083 | 091

balanced 0.95 0.92 0.92 0.94
imbalanced | 0.96 0.79 0.79 0.86

KNN

Model prediction

Select icti
elect predictive 1. Predict / Proba. Cross table

data
L. 2. Predict / Proba. Histogram
Predictive .
. 3. Predict / Proba. Table
execution

4.3 Md|x M7
TIBCO Spotfire AnalystS AR&3H= 1521 10942
Aoz 20234 64 397 64 597k Adae] 4l
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Table 5. Survey Results of Proposed Service Utilization

Survey items Survey response | Ratio
1. Do you have experience Yes 90%
in data analytics with
Python / R or other data
modeling services? No 10%
2. What is the level of High 20%
unde.rs.tan(.img of . Usually 70%
classification learning
during machine learning? Low 10%
3. What is the overall level High 70%
of understandi.ng of the Usually 30%
proposed service user
interface? Low 0%
4. What is the user High 100%
convenience of the
proposed service Usually 0%
compared to the existing
analysis environment? Low 0%
Configure Usage
Analysis 40%
Environment
5. What part of the User Manipulation 80%
proposed service has (Zero-Coding)
improved user Analysis and
convenience compared to utilization of 30%
the existing analysis forecast results
i t? Itipl
environment? (multiple) Fast data analytics| 70%
None 0%
ETC 0%
]?escription f(?r 30%
using the service
Model learning
6. What needs to be options to
. 40%
supplemented to perform improve model
data analysis with the performance
proposed service? Add Learnin
. g
(multiple) Algorithm 40%
None 20%
ETC. 0%
7. What is the data High 100%
analysis usability Usually 0%
assessment of the
Low 0%

proposed service?
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